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UNITED STATES DISTRICT COURT OF CALIFORNIA 

EASTERN DISTRICT - SACRAMENTO 

Joy Garner, individually and on behalf of The 
Control Group; Joy Elisse Garner, individually 
and as parent of J.S. and F.G.; Evan Glasco, 
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Michael Harris, individually and as parent of S.H., 
Nicole Harris, individually and as parent of S.H.,  
 
 
                                           Petitioners, 

v. 

PRESIDENT OF THE UNITED STATES OF 
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I, Gregory J. Glaser, hereby declare: 

1. I am the lead counsel for Petitioners in the above-entitled action. I have personal knowledge 

of the matters discussed herein, and if called as a witness could and would testify competently 

thereto. 

2. In answer to Respondent’s rush request to deny judicial notice, deny preliminary injunction, 

deny burden shifting, and dismiss this case, this declaration is provided as an offer of proof.    

3. Attached as Exhibit A is a true and correct copy of a statistics report confirming precisely 

how The Control Group data shows both correlation and causation of vaccines in America’s chronic 

illness crisis.  Exhibit A provides classical frequentism and Bayesian statistics analyses, which are 

bedrocks of conventional statistics in both industry and courtrooms. Petitioners offer that both 

approaches (frequentism, Bayesian) independently confirm The Control Group data shows both 

correlation and causation of vaccines in America’s chronic illness crisis.  Petitioners assert it is not 

realistically possible these statistical relationships could all be by mere chance. 

4. The results and findings in the attached exhibit A are based on the raw data itself, and not on 

Joy Garner’s reports or Joy’s findings.  Joy’s findings and reports are independent of Exhibit A, yet 

come to the same ultimate conclusion about the serious causal connection between vaccines and 

chronic illness; as the expert states in his Conclusions section: 

• “The differences in health outcomes between the 
population of entirely unvaccinated (proportion 
estimated from survey sample) and vaccine-exposed (US 
population proportion reported by CDC), are 
staggering. There is very strong evidence, with a 
probability near 100%, that  

o “The disease rate (chronic conditions) in the 
vaccine-exposed (post-birth) US population of 
children is 352% higher than in the all 
unvaccinated (post-birth) surveyed children with 
at least 1 condition.  

o “The disease rate (multiple chronic conditions) 
in the vaccine-exposed (post-birth) US population 
of children is 505% higher than in the all 
unvaccinated (post-birth) surveyed children with 
at least 2 chronic conditions.  

o “The disease rate (chronic conditions) in the 
vaccine-exposed (post-birth) US population of 
adults is 951% higher than in the all 
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1. Objectives 

 

x Verify the correctness of the raw survey data source used for the analyses in Exhibit C. 
x Verify the analyses for the main conclusions in Exhibit C by using alternative methods (both 

theories and software packages) 
x To ensure that the analyses in Exhibit C, which are presented in text form, can be optimally 

understood by all readers, it is necessary to also present them by means of tables, diagrams 
and formulas. 

The main conclusions of Exhibit C are: 

x Risk factors are expressed in numbers. 
x The differences in health outcomes between the population of entirely unvaccinated 

(proportion estimated from survey sample) and vaccine-exposed (US population proportion 
reported by CDC), are staggering. 

x Within the unvaccinated (post birth) control group, the differences in health outcomes 
between those without the vitamin K-shot and/or maternal vaccines, and those with 
exposure to one, or both of these drugs, are also staggering. 

The main conclusions are presented as bar charts in Diagrams 1.1 and 1.2.2. 

 

Diagram 1.1: Chronic Conditions, Children, Vaccinated -vs- Unvaccinated 

 

 
2 2020 Pilot Survey Data Comparison Vaccinated -vs- Unvaccinated. Graphs for Further Statistical Analysis.pdf 

2 Exhibit A
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Diagram 1.2: Chronic Conditions, Adults. Vaccinated -vs- Unvaccinated 

 

  

3 Exhibit A
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2. Source Data Overview and Verification 

The following two tables show summaries of the raw survey data3 for the US only. The data are 
aggregated for 48 states and stratified by age groups (children, adults), gender (male, female), 
maternal vaccination during pregnancy (PREG_VAC: yes, no) and whether a vitamin K shot was given 
to the new-born (VIT-K: yes, no). Age under 18 is defined as “Child”. Age equal to 18 years or older is 
defined as "Adult". 

Table 2.1 shows the observations for at least one health condition. Table 2.2 shows counts for 
multiple chronic health conditions. 

 

Table 2.1: stratifications, counts and calculated proportions in % for “at least 1 condition” 

 
3 CONTROL GROUP RAW DATA – REDACTED – 8 July 2020.xls 
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Table 2.2: stratifications, counts and calculated proportions in % for “Multiple Chronic Health Conditions” 

 

The first 4 data lines of the tables (highlighted in blue) contain the data for people who were never 
vaccinated at all. So as a new-born did not have a vitamin K shot nor was the mother vaccinated 
during pregnancy. This group is defined as the entirely unvaccinated "Control” group. The data lines 
5 thru 16 (grey shaded) contain treatment combinations (maternal vaccination, vitamin K-shot). This 
group is further referred to as “unvaccinated (post birth)”. Notice that the tables contain all possible 
treatment combinations in a balanced (i.e. orthogonal) full factorial standard scheme. Because of 
missing data (indicated by *) the analyses must account for confounding effects, that may inflate 
variance. 

  

5 Exhibit A
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US Population Data4 5 6 7 

 

Table 2.3: Chronic conditions in vaccine-exposed (post birth) US population 

 

Source Data Verification 

The counts were carried out using the original Excel data file. One time using both the filtering and 
counting functions of Microsoft Excel for Microsoft 365 MSO (16.0.13530.20418) and one time using 
the counting functions of the statistical software package Minitab V19.2020.1. All counts matched 
the numerical values of Exhibit C. This verified that the information from the original Excel file and 
the transfer to Exhibit C was error-free. The summarized data in the tables can all be found in Exhibit 
C. The tables are therefore error-free. 

  

 
4 https://www.childstats.gov/americaschildren/tables/pop1.asp (population size children, 2010) 
5 https://www.cdc.gov/pcd/issues/2015/14_0397.htm (disease rate children) 
6 https://www.census.gov/quickfacts/fact/table/US/PST045219 (population size adults, 2019) 
7 https://www.cdc.gov/chronicdisease/resources/infographic/chronic-diseases.htm (disease rate adults) 
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Tally tables for observed diseases 
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3. Standard Frequentist Analyses 
 
Objective: verify the analyses for the main conclusions in Exhibit C by using the standard 
frequentist method with the statistical software package Minitab V19. 2020.1.8 
 
 

3.1 Assumptions and Basic Reasoning 

A Frequentist draws randomly an infinite number of representative, independent samples from 
imagined fixed population distributions under exactly the same conditions. In this survey: binomial 
pass/fail distributions. The uncertainty is obviously in the sample. The sample should be large enough 
so that the following are true: (1) the estimates have enough precision, (2) the confidence intervals 
are narrow enough to be useful, (3) you have adequate protection against type I and type II errors. 
See table 3.1.1. below for the definition of Type I and II errors. 

 

 REALITY (unknown) 
Unvaccinated are 

healthier than 
vaccinated 

Unvaccinated are not 
healthier than 

vaccinated 
 
 
 
 

DECISION 
(based on sample data) 

Reject Null 
Hypothesis: decide 
unvaccinated are 
healthier than 
vaccinated 

 
Correct Decision 

 

 
Type I Error   (α) 

Fail to reject Null 
Hypothesis: decide 
unvaccinated are not 
healthier than 
vaccinated 

 
Type II Error   (1-β) 

 
Correct Decision 

 

Table 3.1.1: Type I and II errors 

 

In the criminal justice system, juries are told to presume that someone (e.g. scientist) is innocent 
until proven guilty (of corrupting science)9, meaning the null hypothesis is that the suspect is 
innocent, and the prosecution has to prove its case. What would a Type I and Type II error look like in 
this context? 

A Type I error would be that scientists developing vaccines are innocent (they apply the true 
scientific method and enumerate risks to accurately calculate the risk-to-benefit ratio of vaccination), 
but they're convicted anyway. 

A Type II error would be that scientists developing vaccines are guilty of corrupting science, but the 
result of the trial is that they're acquitted. 

 
8 https://www.minitab.com/en-us/about-us/  
9 Refer to Exhibit C, Introduction, Point 2. The Scientific Method and Chapter 2, Construct Validity (A) Premises 

8 Exhibit A
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Obviously, both of these are problematic, but the criminal justice system puts a lot of safeguards in 
place to make sure that a Type I error doesn't happen very often. In fact, the criminal justice system 
allows a Type II error to happen fairly frequently in order to reduce a Type I error. 

Therefore, in this analysis, the significance level α = 1% is considered an adequate protection against 
a Type I error (i.e. the confidence level = 99%). A test power of β = 80% is enough to control the 
consequences of a Type II error (i.e., in 20% of the cases a type II error is acceptable). 

 

Initial hypothesis definition 

The hypothesis in Chapter 2 of Exhibit C is described as follows: “Entirely unexposed, i.e., 
‘unvaccinated’ people suffer from less of the injuries and consequent health problems that vaccines 
are known to cause, than the vaccine-exposed population suffers from.” This formulation is 
effectively the alternative (also working) hypothesis in a classical, frequentist statistical analysis. The 
hypothesis is statistically correctly formulated as follows: 

The difference between the population proportions (p1-p2) is less than the hypothesized difference 
(d0), where 

p1 is the population proportion of health outcomes in a representative sample (n1) across 
the Nation of entirely unvaccinated, i.e. completely unexposed controls (0,26% of the total 
population in the USA) 

p2 is the population proportion of health outcomes in a representative sample (n2) across 
the Nation of vaccinated people (99,74% of the total population in the USA) 

d0 = 0, i.e. there is no difference between population proportions (also called the Null 
Hypothesis). However, the relevant ‘Null Hypothesis’ is not whether or not vaccines are safe. 
Vaccines are already known to be unavoidably unsafe. Consequently, a one-sided alternative 
hypothesis is more adequate, i.e., p1-p2 < 0. Ultimately, providing a numerical risk value (i.e. 
d0) facilitates an evaluation of the risk/benefit ratio, at any level of exposure.10 This requires 
the definition of a minimum detectable difference that has practical importance (i.e., prove 
the defendant is guilty “beyond a reasonable doubt”). The difference between the ratios that 
has practical value was set at 5% by agreement within The Control Group. 

To determine whether the difference between the population proportions is statistically significant 
(i.e. detectable), compare the p-value to the significance level. Usually, a significance level (denoted 
as α) of 0.01 works well in court. A significance level of 0.01 indicates a 1% risk of concluding that a 
difference exists when there is no actual difference. 

  

 
10 Exhibit C, page 6, note 5. 
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Definition of the “p-value”11 

Informally, a p-value is the probability under a specified statistical model that a statistical summary 
of the data (e.g., the sample mean difference between two compared groups) would be equal to or 
more extreme than its observed value. 

Principles: 

x P-values can indicate how incompatible the data are with a specific statistical model. 
x P-values do not measure the probability that the studied hypothesis is true, or the 

probability that the data were produced by random chance alone. 
x Scientific conclusions and business or policy decisions should not be based only on whether a 

p-value passes a specific threshold. A conclusion does not immediately become “true” on 
one side of the divide and “false” on the other. 

x A p-value, or statistical significance, does not measure the size of an effect or the importance 
of a result. 

x By itself, a p-value does not provide a good measure of evidence regarding a model or 
hypothesis. 

 

Avoidance of “p-hacking”12 

“p-hacking”, occurs when researchers collect or select data or statistical analyses until nonsignificant 
results become significant. In this study a common practice that may lead to p-hacking is excluding, 
combining, or splitting treatment groups post analysis. It is therefore important to measuring only 
response variables that are known (or predicted) to be important; using sufficient sample sizes, and 
select analysis methods that avoid the multi-testing problem. 

  

 
11 https://amstat.tandfonline.com/doi/full/10.1080/00031305.2016.1154108#.Vt2XIOaE2MN  
12 https://journals.plos.org/plosbiology/article?id=10.1371/journal.pbio.1002106  

10 Exhibit A
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3.2. Analyses 

The representation of the bar graphs in Diagrams 1.1 and 1.2 does not require the detailed 
stratification in Tables 2.1 and 2.2. Stratification was limited to "Control," "Treatment," and 
"Population," also to overcome p-hacking (see section 3.1). To avoid p-hacking more than two 
samples must be compared at once. Because we deal with proportions (P) a “Chi-Square % 
Defective” test is most appropriate. The Assistant function for hypothesis testing in Minitab V19 
shows the selection path (on the right hand side). 

 

Diagram 3.2.1 Assistant function for hypothesis testing in Minitab V19 

 

Note that the definition of the hypothesis differs from the original hypothesis as formulated in 
section 2 of Exhibit C and as detailed in section 3.1. of this report. The correct null hypothesis is now: 

PPopulation = PControl = PTreatment 
And the alternative hypothesis: 

At least one proportion (P) is different 
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3.2.1.  Chronic Conditions, Children – At Least 1 Condition 

Data entry: 

 

  

12 Exhibit A
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Summary reports 
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Increase Risk of at least one condition according to exposure: 

x From Control (entirely unvaccinated) to Treatment (maternal vaccination and/ or K-shot) = 
(13,35 -2,25) / 2,25 *100% = 493% 

x From Treatment (maternal vaccination and/ or K-shot) to Population (vaccine-exposed) = 
(27,00 – 13,35) / 13,35 * 100% = 102% 

x From Control (entirely unvaccinated) to Population (vaccine-exposed) =                           
(27,00-2,25) / 2,25 *100% = 1100% 

 

x Note: Group “Control” and Group “Treatment” merged gives group “All Unvaccinated (post-birth) Surveyed” = (76 / 1272) * 
100% = 5,97%. Increase risk from All Unvaccinated (post-birth) Surveyed to Population = (27,00 – 5,97) / 5,97 * 100% = 352% 
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Type I (Alpha) and Type II (1-Beta) Error Control13 

d = the difference between the proportions that has practical value. (1-Beta) displayed in % 

 

 

 
13 These contour graphs can be used if it turns out in court that other values for alpha and/or d better balance 
the risk of wrong decisions. 
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3.2.2. Multiple Chronic Conditions, Children – At Least 2 Chronic Conditions 

Data entry: 
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Summary reports 
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Increase Risk of at least two chronic conditions according to exposure:14 

x From Control (entirely unvaccinated) to Treatment (maternal vaccination and/ or K-shot) = 
(3,04 -0,12) / 0,12 *100% = 2433% 

x From Treatment (maternal vaccination and/ or K-shot) to Population (vaccine-exposed) = 
(6,60 – 3,04) / 3,04 * 100% = 117% 

x From Control (entirely unvaccinated) to Population (vaccine-exposed) =                               
(6,60 - 0,12) / 0,12 *100% = 5400% 

 

x Note: Group “Control” and Group “Treatment” merged gives group “All Unvaccinated (post-birth) Surveyed” = (14 / 1272) * 
100% = 1,10%. Increase risk from All Unvaccinated (post-birth) Surveyed to Population = (6,66 – 1,10) / 1,10 * 100% = 505% 

  

 
14 See both the accompanying Diagnostic Report and the Report Card for comments on validity. 
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Type I (Alpha) and Type II (1-Beta) Error Control 

d = the difference between the proportions that has practical value. (1-Beta) displayed in %. 
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3.2.3.  Chronic Conditions, Adults – At Least 1 Chronic Condition 

Data entry: 
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Summary reports 
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Increase Risk of at least one chronic condition according to exposure:15 

x From Control (entirely unvaccinated) to Treatment (maternal vaccination and/ or K-shot) = 
(12,90 – 4,47) / 4,47 *100% = 189% 

x From Treatment (maternal vaccination and/ or K-shot) to Population (vaccine-exposed) = 
(60,00 – 12,90) / 12,90 * 100% = 365% 

x From Control (entirely unvaccinated) to Population (vaccine-exposed) =                               
(60,00 – 4,47) / 4,47 *100% = 1242% 

 

x Note: Group “Control” and Group “Treatment” merged gives group “All Unvaccinated (post-birth) Surveyed” = (12 / 210) * 100% 
= 5,71%. Increase risk from All Unvaccinated (post-birth) Surveyed to Population = (60,00 – 5,71) / 5,71 * 100% = 951% 

 
  

 
15 See both the accompanying Diagnostic Report and the Report Card for comments on validity. 
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Type I (Alpha) and Type II (1-Beta) Error Control 

d = the difference between the proportions that has practical value. (1-Beta) displayed in %. 
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3.2.4. Chronic Conditions, Adults – At Least 2 Chronic Conditions 

Data entry: 
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Summary reports 
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Increase Risk of at least two chronic conditions according to exposure:16 

x From Control (entirely unvaccinated) to Treatment (maternal vaccination and/ or K-shot) = 
(3,23 – 0,56) / 0,56 *100% = 477% 

x From Treatment (maternal vaccination and/ or K-shot) to Population (vaccine-exposed) = 
(42,00 – 3,23) / 3,23 * 100% = 1200% 

x From Control (entirely unvaccinated) to Population (vaccine-exposed) =                               
(42,00 – 0,56) / 0,56 *100% = 7400% 

 

x Note: Group “Control” and Group “Treatment” merged gives group “All Unvaccinated (post-birth) Surveyed” = (2 / 210) * 100% 
= 0,95%. Increase risk from All Unvaccinated (post-birth) Surveyed to Population = (42,00 – 0,95) / 0,95 * 100% = 4321% 

 
  

 
16 See both the accompanying Diagnostic Report and the Report Card for comments on validity. 
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Type I (Alpha) and Type II (1-Beta) Error Control 

d = the difference between the proportions that has practical value. (1-Beta) displayed in %. 

 

 

  

27 Exhibit A

Case 2:20-cv-02470-WBS-JDP   Document 31-1   Filed 02/15/21   Page 31 of 64



 

28 | Page 
Back-Up to Exhibit C 

 

4. Bayesian Analyses 

 

4.1. Assumptions and Basic Reasoning 

In this section the Frequentist versus Bayesian view on probability is compared by using the example 
of flipping a coin17. One side has a head (H) and the other side has a tail (T). See figure 4.1.1 for 
details of this example. The question we want to answer is: What is the probability of getting a head? 

The Frequentist view on probability is P(h) = relative frequency of a head, if flipping in long series of 
“identical flips”, an infinite number of times. We count the number of heads and divide by the 
number of throws. P(h) = # heads / # throws. We assume the data are a random sample and are free 
to vary. The things that are fixed in the frequentist case are the parameters. 

What do we mean with “fixed parameters” and “identical flips”? Imagine we have a coin above a 
table and we have a certain orientation of that coin to the table (θ) and perhaps a certain distance 
away from a particular point of the table (d). If we were to repeat this process exactly then surely, 
because the system is in itself deterministic (governed by physical laws), we would actually get a 
certain value of that coin every single time. So we already can see that we are running into some 
issues with the frequentist view on probability in that what we mean with “identical flips”. Perhaps 
we can define “identical” somewhat more loosely and just say, if we kept the coin a certain distance 
above the table and we are free to vary the orientation of the coin to the table. But again we are 
running into this sort of subjective view of what do we exactly mean with “identical”. 

In the Bayesian approach the probability of head P(h) = number of heads / total number of 
possibilities. This definition assumes that all possibilities are equally likely. What do we mean with 
“possibility” and “number of heads” in this example? We could think about all the different 
orientations of the coin to the table, defined by the angle theta (θ) and the distance (d). And we 
could imagine enumerating each of this different angles and distances and look at the forces on the 
coin and combine these with the initial conditions. We can ask, what value (H or T) at each of these 
initial conditions would eventually appear on the coin? This would be based on the deterministic 
forces. So the “total number of possibilities” represents the total number of initial conditions. The 
number of heads just represents the frequency of heads which actually come out across all of the 
different possibilities. In this example we assume the data is fixed. This means if we have certain 
initial conditions then the value we get out of the coin is always going to be exactly the same. The 
reason that we actually do get a variance of the value of the coin, i.e. some heads and some tails, is 
because the parameters vary. The probability here doesn’t represent a long run frequency. It 
represents a kind of uncertainty over the initial conditions, because we don’t know the initial 
conditions exactly. The Bayesian view on probability doesn’t rely on a series of an infinite number of 
samples from a population. 

  

 
17 https://www.youtube.com/watch?v=YsJ4W1k0hUg Ben Lambert (researcher at Imperial College London) 
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In summary, in the Frequentist view the data vary and the parameters are fixed. In the Bayesian view 
the data are fixed and it is that the parameters vary. So actually in the Bayesian case, the probability 
of a head has a probability distribution. The same is true for the probability of a tail. 

 

 

 

Figure 4.1.1 Frequentist versus Bayesian View on Probability 

 

The following example explains visually how the Bayesian conditional probability works in practice.18 

A person called Bob is in a room and he has two coins. One fair coin and one double side coin. He 
picks at random, flips it, and shouts the result: “Heads”. Now what is the probability that he flipped 
the fair coin? To answer this question, we need only rewind and grow a tree. The first event, he picks 
one of two coins, so our tree grows two branches, leading to equally likely outcomes, fair or unfair. 

 

Diagram 4.1.2 First event 

The next event, he flips the coin, we grow again. If he had the fair coin, we know this flip can result in 
two equally likely outcomes heads and tails, while the unfair coin results in two outcomes, both 
heads. 

 
18 https://www.khanacademy.org/math/statistics-probability/probability-library/conditional-probability-
independence/v/conditional-probability2  

29 Exhibit A

Case 2:20-cv-02470-WBS-JDP   Document 31-1   Filed 02/15/21   Page 33 of 64



 

30 | Page 
Back-Up to Exhibit C 

 

 

Diagram 4.1.3 Second event 

 

Our tree is finished, and we see it has four leaves, representing four equally likely outcomes. The final 
step, new evidence. He says “heads”. Whenever we gain evidence, we must trim our tree. We cut any 
branch leading to tails because we know tails did not occur. 

 

Diagram 4.1.4 Cut branch 

 

So the probability he chose the fair coin is the one fair outcome leading to heads divided by the three 
possible outcomes leading to heads, i.e. 1/3. 

 

Diagram 4.1.5 Bayes formula for the probability of a fair coin given heads occurred 

 

What happens if he flips again and reports “heads”? Remember, after each event, our tree grows. 
The fair coin leaves result in two equally likely outcomes, heads and tails, the unfair leaves result in 
two equally likely outcomes, heads and heads. 
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Diagram 4.1.6 Third event 

 

After we hear the second “heads”, we cut any branches leading to tails.  

 

Diagram 4.1.7 Cut branch 

 

Therefore, the probability the coin is fair after two heads in a row, is the one fair outcome leading to 
heads divided by all possible outcomes leading to heads, or 1/5. 

 

 

Diagram 4.1.8 Bayes formula for the probability of a fair coin given two heads occurred 
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Notice our confidence in the fair coin is dropping as more heads occur, though realize that we’ll 
never reach zero. No matter how many flips occur, we can never be 100% certain the coin is unfair. 
In fact, all conditional probability questions can be solved by growing trees. The trick is to always 
make sure the tree is balanced, meaning an equal amount of leaves growing out of each branch. To 
do this, we simply scale up the number of branches to the least common multiple. 

Bayes Theorem: 

𝑃(𝐴|𝐵) =  
𝑃(𝐵|𝐴) ∗ 𝑃(𝐴)

𝑃(𝐵)
 

, where we must compute P(B|A) for each possible value of A. Note that this results in a distribution 
that is not a valid probability distribution (area sum ≠ 1). P(A) is the prior distribution (our initial 
belief). Additional data model the posterior distribution P(A|B). The Bayes Theorem therefore is the 
only logical and consistent way to modify our beliefs to account for new data. 

A different way of formulating the Bayes Theorem is in terms of odds. For an example relevant for 
the Control Group survey it looks as follows: 

 

 

𝑂(𝐷|+) = 𝑂(𝐷) ∗
𝑃(+|𝐷)

𝑃(+|¬𝐷)
 

 

 

 

In the case of the survey by The Control Group, this means that this survey needs to be extended only 
to some extent if it turns out that the uncertainty about a particular conclusion is too small. So in such 
a case it is not necessary to conduct a new (larger) survey as a repeat sample! 

  

Odds of developing a disease (D) 
given a vaccine response (+) 

Prior odds of developing 
a disease (D) 

Bayes Factor (BF) 
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4.2. Analyses 

To investigate if the same conclusions can be drawn that result from the bar graphs in diagrams 
1.1.and 1.2 the detailed stratification in tables 2.1 and 2.2 are not required. The stratification is 
limited to “Control”, “Treatment” and “Population”, similar to the analyses in section 3.2. However, 
with the Bayesian approach there is no such complication as “p-hacking” (see section 3.1). 
Subsequently, more than two samples must not be compared at once to avoid inflating the alpha-risk 
(type I error). We can therefore additionally merge “Control” and “Treatment” to “All Unvaccinated 
(Post-Birth)” and compare this proportion to “Population”. Because we want to monitor the evidence 
for the hypotheses that an intervention or treatment has either a positive effect, a negative effect or 
no effect we chose the Bayesian A/B test1920, which can be found in the option menu “Frequencies” 
of the statistical software  JASP 0.14.0.0. 

 

The input data needs to contain the following elements: 

x Number of successes in group 1 (control condition) 
x Number of trials in group 1 (control condition) 
x Number of successes in group 2 (experimental condition) 
x Number of trials in group 2 (experimental condition) 

Note that “successes” in the survey means “disease reported”. 

  

 
19 Kass R. E. and Vaidyanathan S. K. (1992). Approximate Bayes Factors and Orthogonal Parameters, with 
Application to Testing Equality of Two Binomial Proportions. Journal of the Royal Statistical Society, Series B, 
54, 129-144. 
20 Gronau Q. F., Raj K. N. A., Wagemakers E. J. (2019). Informed Bayesian Inference for the A/B Test. arXiv 
preprint arXiv:1905.02068. 
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4.2.1.  Chronic Conditions, Children – At Least 1 Condition 

Here the “Control” group is “Children in all unvaccinated (post-birth) surveyed reported with at least 
1 condition”. 

Data entry. 

 

 

Bayes Factor BF10 was selected to show evidence for the alternative hypothesis relative to the null 
hypothesis. 

Normal Prior on Log Odds Ratio was chosen to be the standard normal distribution N(0,1). 
Robustness of this assumption was analysed using the Robustness Plot option. 

Prior Model Probabilities were specified for the four hypotheses: 
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x Log odds ratio = 0 (H0): 0.5 - specifies that the “success” probability is identical (there is no 
effect) 

x Log odds ratio > 0 (H+): 0.25 – specifies that the “success” probability in the experimental 
condition is higher than in the control condition. 

x Log odds ratio < 0 (H-): 0.25 – specifies that the “success” probability in the experimental 
condition is lower than in the control condition. 

x Log odds ratio ≠ 0 (H1): 0 – specifies that the “success” probability differs between the 
control and experimental condition, but does not specify which one is higher. 

Sampling: the number of samples = 10000. This determines the number of importance samples for 
obtaining log marginal likelihood for (H+) and (H-) and the number of posterior samples. 

 

Summary Report 

 

Model comparison (first table) 

x Models: Hypotheses 
x P(M): Prior model probabilities 
x P(M|data): Posterior probabilities of the models considered 
x BF10: Bayes Factor 
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The Prior and Posterior Plot displays the prior and posterior density for the quantity of interest, i.e. 
the Log Odds Ratio. In addition, posterior median and central credible interval “95% CI” are also 
displayed. 

 

 

The sequential analysis displays the development of posterior probabilities as the data come in. The 
probability wheels visualize prior and posterior probabilities of the hypotheses. 

 

 

The Bayes Factor (BF10) robustness check displays the prior sensitivity analysis. 
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Parameter prior distributions p1 versus p2. 

 

Conclusion 

There is very strong evidence (probability =100%) that the disease rate (chronic conditions) in the 
vaccine-exposed (post-birth) US population of children is (0.27-0.0597)/0.0597 * 100% = 352% higher 
than in the all unvaccinated (post-birth) surveyed children with at least 1 condition. 
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The next analyses are performed within the unvaccinated (post birth) control group of surveyed 
children with at least one condition. The differences in health outcomes between those without the 
vitamin K-shot and/or maternal vaccines (denoted “Control”), and those with exposure to one, or 
both of these drugs (denoted “Treatment”) are quantified. 

 

Data entry. 

 

 

Comments to these data entries are the same as before. 
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Summary report 
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Conclusion 

There is very strong evidence (probability = 100%) for surveyed children with at least one condition, 
that the difference in health outcomes between those without the vitamin K-shot and/or maternal 
vaccines (denoted “Control”), and those with exposure to one, or both of these drugs (denoted 
“Treatment”) is (0.1335-0.0225)/0.0225 * 100% = 493% higher 
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4.2.2.  Multiple Chronic Conditions, Children – At Least 2 Chronic Conditions 

Here the “Control” group is “Children in all unvaccinated (post-birth) surveyed reported with at least 
2 chronic conditions.” 

Data entry. 

 

 

Comments to these data entries are the same as in section 4.2.1. 
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Summary report 
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Conclusion 

There is very strong evidence (probability = 100%) that the disease rate (multiple chronic conditions) 
in the vaccine-exposed (post-birth) US population of children is (0.0666-0.011)/0.011 * 100% = 505% 
higher than in the all unvaccinated (post-birth) surveyed children with at least 2 chronic conditions. 
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The next analyses are performed within the unvaccinated (post birth) control group of surveyed 
children with at least 2 chronic conditions. The differences in health outcomes between those 
without the vitamin K-shot and/or maternal vaccines (denoted “Control”), and those with exposure 
to one, or both of these drugs (denoted “Treatment”) are quantified. 

Data entry. 
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Summary report 
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Conclusion 

There is strong evidence (probability =99%) for surveyed children with at least 2 conditions, that the 
difference in health outcomes between those without the vitamin K-shot and/or maternal vaccines 
(denoted “Control”), and those with exposure to one, or both of these drugs (denoted “Treatment”) 
is (0.03044-0.00118)/0.00118 * 100% = 2480% higher. 
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4.2.3.  Chronic Conditions, Adults – At Least 1 Chronic Condition 

Here the “Control” group is “Adults in all unvaccinated (post-birth) surveyed reported with at least 1 
chronic condition.” 

Data entry. 

 

 

Comments to these data entries are the same as in section 4.2.1. 
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Summary report 
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Conclusion 

There is very strong evidence (probability = 100%) that the disease rate (chronic conditions) in the 
vaccine-exposed (post-birth) US population of adults is (0.60-0.0571)/0.0571 * 100% = 951% higher 
than in the all unvaccinated (post-birth) surveyed adults with at least 1 chronic condition. 
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The next analyses are performed within the unvaccinated (post birth) control group of surveyed 
adults with at least 1 chronic condition. The differences in health outcomes between those without 
the vitamin K-shot and/or maternal vaccines (denoted “Control”), and those with exposure to one, or 
both of these drugs (denoted “Treatment”) are quantified. 

Data entry. 
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Summary report 
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Conclusion 

There is a probability of 69,6% for surveyed adults with at least 1 condition, that the difference in 
health outcomes between those without the vitamin K-shot and/or maternal vaccines (denoted 
“Control”), and those with exposure to one, or both of these drugs (denoted “Treatment”) is (0.129-
0.04469)/0.04469 * 100% = 189% higher. The probability of no difference is 27,4%. A reverse 
conclusion is with a probability of 2,8% unlikely. 
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4.2.4. Chronic Conditions, Adults – At Least 2 Chronic Conditions 

Data entry. 

Here the “Control” group is “Adults in all unvaccinated (post-birth) surveyed reported with at least 2 
chronic conditions.” 

 

 

Comments to these data entries are the same as in section 4.2.1. 
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Summary report 
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Conclusion 

There is very strong evidence (probability = 100%) that the disease rate (two chronic conditions) in 
the vaccine-exposed (post-birth) US population of adults is (0.42-0.0095)/0.0095 * 100% = 4321% 
higher than in the all unvaccinated (post-birth) surveyed adults with at least 2 chronic condition. 
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The next analyses are performed within the unvaccinated (post birth) control group of surveyed 
adults with at least 2 chronic conditions. The differences in health outcomes between those without 
the vitamin K-shot and/or maternal vaccines (denoted “Control”), and those with exposure to one, or 
both of these drugs (denoted “Treatment”) are quantified. 

Data entry. 
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Summary report 
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Conclusion 

There is a probability of 60,8% for surveyed adults with at least 2 conditions, that the difference in 
health outcomes between those without the vitamin K-shot and/or maternal vaccines (denoted 
“Control”), and those with exposure to one, or both of these drugs (denoted “Treatment”) is 
(0.03226-0.005587)/0.005587 * 100% = 477% higher. The probability of no difference is 33,9%. A 
reverse conclusion is with a probability of 5,3% unlikely. 
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5. Conclusions 

The main conclusions from Exhibit C can be confirmed using two alternative statistical methods, the 
frequentist method on the one hand and the Bayesian method on the other. 
 

x Risk factors are expressed in numbers (summarized in tables, diagrams and formulas) 

x The differences in health outcomes between the population of entirely unvaccinated 
(proportion estimated from survey sample) and vaccine-exposed (US population proportion 
reported by CDC), are staggering. There is very strong evidence, with a probability near 
100%, that 

o The disease rate (chronic conditions) in the vaccine-exposed (post-birth) US 
population of children is 352% higher than in the all unvaccinated (post-birth) 
surveyed children with at least 1 condition. 

o The disease rate (multiple chronic conditions) in the vaccine-exposed (post-birth) US 
population of children is 505% higher than in the all unvaccinated (post-birth) 
surveyed children with at least 2 chronic conditions. 

o The disease rate (chronic conditions) in the vaccine-exposed (post-birth) US 
population of adults is 951% higher than in the all unvaccinated (post-birth) surveyed 
adults with at least 1 chronic condition. 

o The disease rate (two chronic conditions) in the vaccine-exposed (post-birth) US 
population of adults is 4321% higher than in the all unvaccinated (post-birth) 
surveyed adults with at least 2 chronic condition. 

x Within the unvaccinated (post birth) control group, the differences in health outcomes 
between those without the vitamin K-shot and/or maternal vaccines, and those with 
exposure to one, or both of these drugs, are also staggering. 

o There is very strong evidence (probability = 100%) for surveyed children with at 
least one condition, that the difference in health outcomes between those without 
the vitamin K-shot and/or maternal vaccines (denoted “Control”), and those with 
exposure to one, or both of these drugs (denoted “Treatment”) is (0.1335-
0.0225)/0.0225 * 100 = 493% higher. 

o There is strong evidence (probability = 99%) for surveyed children with at least 2 
conditions, that the difference in health outcomes between those without the 
vitamin K-shot and/or maternal vaccines (denoted “Control”), and those with 
exposure to one, or both of these drugs (denoted “Treatment”) is (0.03044-
0.00118)/0.00118 * 100 = 2480% higher. 

o There is a probability of 69,6% for surveyed adults with at least 1 condition, that the 
difference in health outcomes between those without the vitamin K-shot and/or 
maternal vaccines (denoted “Control”), and those with exposure to one, or both of 
these drugs (denoted “Treatment”) is (0.129-0.04469)/0.04469 * 100 = 189% higher. 
The probability of no difference is 27,4%. A reverse conclusion is with a probability of 
2,8% unlikely. 

o There is a probability of 60,8% for surveyed adults with at least 2 conditions, that 
the difference in health outcomes between those without the vitamin K-shot and/or 
maternal vaccines (denoted “Control”), and those with exposure to one, or both of 
these drugs (denoted “Treatment”) is (0.03226-0.005587)/0.005587 * 100 = 477% 
higher. The probability of no difference is 33,9%. A reverse conclusion is with a 
probability of 5,3% unlikely.  
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6. Recommendations for future scientific research 
x To make the survey complete, it can be expanded in a targeted manner with the goal of 

filling in the missing data gaps. It is not necessary to do a completely new survey to repeat 
the frequentist sample. The conclusions from the Bayesian analyses are too conclusive for 
that! 
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